What Is Physics-Informed Machine Learning (PIML)?

Al4: Artificial Intelligence, Adaptation, and Innovation Group

Solving Partial Differential Equations (PDEs): Why?
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Traditional Approaches to Numerical Methods for PDEs
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Incorporating Physics into Neural Network Learning

x Datapoint
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PDE Residual Point
(obeying the physics)

oo X
h S 4 4

XM N X M XXX AXX XXX XXX

b e A s i
T T . (N A A A

Optimization
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L(x,t;0) = A\gMSEg+ AgMSER
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6* = argmin L(x,t;0) ‘
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